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seE T HoJE E3HE

Databricks Lakehouse= Databricks SQL, Serverless, Unity Catalog, Streaming, ML 52| $#41 7|2 7|2 2 [|0|E AlIX|L|0{Z!(Data Engineering), Cll
O] &4d(Data Analytics) 12| Hf|O|E] AFO|IAAYMLE EFEY OO|E SSZF0|M MSStd, B, 7t EHA 2|1 H|o[H &89 =[12| HiZ&ILIC

One Data Platform for Data Engineer , Al

Databricks’s mission is to accelerate innovation for its customers
by unifying Data Science, Engineering and Business.

Databricks SQL Serverless Unity Catalog Streaming Restructured ML
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Databricks Lakehouse vs. Data Warehouse
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Databricks Lakehouse vs. Data Warehouse
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Databricks Lakehouse &% S&H A0

Databricks Lakehouse= G|o|Ef MZ & 24 AyML 50| SLIO|
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Databricks Lakehouse= =222 Istg 1= QE} 20| E(Delta Lake) 2 EEISH 771X| 7|52 E510] 22 H|O|H A HA 125 gl

- = =
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Databricks Lakehouse 7|5 27|

databricks
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Data Data Data
Warehousing Engineering

Data Science
Streaming and ML

Unity Catalog

Fine-grained governance for data and Al

Delta Lake

Data reliability and performance

Cloud Data Lake
All structured and unstructured data

B% Microsoft Azure aWS, Google Cloud
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G E} 20| A (Delta Lake)
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L El ZFEE 1 (Unity Catalog)

Databricks 7+ E| 7tZ 21 (Unity Catalog):= Glo[E{S] RE SERI7F S2HZ0|A 24 9 ROt Mt pha| Xt TISsiod, H|o|E A}

o = =~
S 7d A el ZARMAS 2|LA| 2E, = SHEL 2 H0|H 37 5= SN S 22t 2M QPFdX o= A|AHIO[ ZH2[F LT

1

@ S8 GI0[E] Z4A U w0k At

Ly

2 E Hloje %7t S HolE il s 7' Aoy XMt HY
CO|E} Of 22l 2, || I|L|0}, HIO|E} MOIAEIAES f2t St HO|E| ZAo| Unity Catelog= IEFCIO|E{S X251 1 Bl0|2S K15 Kot SharEl 32| 452
FH500, 7|2 H 02 Bok TSt ARRIO| k|2 ol Kf2t A Za7t Kgte| TZ5H0 HIS7|4| K15 Blo|E| X|Ust2 T 822 HE{afst, #12t2C o

HelEE Ho S N2{5to] 22F A50| 22| LTt YUSEH(O) XS X522 THERLIC

Data Explore:

R RLLLUILILIUELUL LAY

HAZE A+S H|olE 2|1 %] HESE OO 37
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H|O[Ef AMX[L|O{Z! (Data Engineering)

Databricks H|O|E{ X|L|0{ (Data Engineering)< tio| &
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HENS =Ql5HH H|O|H S2S 2l = U1, niHo| EMES 1t

HEOM S5 H|o[H FE, 2F8d XEE ZHEZSI Azt 2

Total Records Processed
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2. Why Databricks Lakehouse ?
HEF MY (Delta Sharing)

S+ HIOE e S e

Unity Catelog@t 712502 S8E|0f MAKOE B HOIES SO Balohn ZAre
4 9lon] ZaXL, BRI RIS HIEO 2 HlOJE RS BRE 4 0f XL~
£20| £20| £/, S0 It 77 T4 27 A0S £ 4 ABLIC

E E A2H AEHo] A

Databricks PlatformO| OFL|C{2t= O{C|A{L HIO[E] ME, il 2{'d 23 CHAIEE,

LES SO HO|E MES ZHHsA 2,

BIfokn ANAgt 4 UL

A H

22

27 2{0] o] Ho|E 28

HIO|E E34F, S2RE Ei= 2IALC| Z2|El AL Ljof 210| 2 HIO|HE
CHE AAR0l| SASEALE SARSH] 3 SR

B oTTH

Data Explorer B

AT R=5t= H|OjE ERIE

=
el HEE
O S2RLE|ALE 02 I TtE Lot 242 H|O|E £A| S10| XH2| HIO|E 20|20
QFMSHA| LIO|HE SRHH AP o=l ’IZS| L EE [HA|EEE AFETH SSHQI AL

AfEIE SOl 2 S QLS TS WHEA| 2IMO|ES e = JUSLICE

Collaborator 1

e

Existing data tables

Collaborator 2
L 2
"

Delta Sharing

Existing data tables

Mutually approved
jobs on trusted
compute

Delta Sharing
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M4l 2{'d (Machine Learning)

Databricks 4! 21’2 (Machine Learning)2 2= S&0| GIO|E{Z KA 311 EHIBIH A EXT} HHHAA XSS} 7|58 KE 812,

= o
BE R T 37|15 22| o, U2 HO[E MY 2{d RHHE SS Soll @M= H|0|H ZES 4d, 22, B2 & =+ A=F XL Ct

1

® Hloje 2RI REH #2|5k= M4l 2{'d (Machine Leaming)

C OFG: = el Al X S
BE 792 HIO|E{ & WUMA St A A = AHEHA XHF3)
Databricks MLS @ 20| 8194 ELHE 7|4t 2 Weso), Faet 2g{o] ofiH 280 OfF A2 Al3i| SOISHT ZkS bl msin] LRt A 17| ZE Hsid 4
GIO|EIS kA, EHAHSHT 24| SHE2 XISt 4= Qlon] M MH|A BHAlO = Of2{7HX| Qlon| mREMst mo| 74 £2 MM SIMCHH 0|2 R BX|AS2|0| SE513
EX2 maEM njo|majelo R Hetst 4 QL B 43 757 |of e} $HE QI 7haslet 4 QUALICH

Data Foundation for the Full ML Lifecyclae

Production Motric

= ol A - | L C —
HE ZE 8 F7| e CHrt 2 HIOo[E Ml 2'd 22 Hi=
DS MY, AHO/Y, TREMT B S [ EZIS HIBA HXS BR(5iD 015 KB 22|t 2Fsiol Cist HiokS et Ta gio| 22| 3 ¥ 2 BHo| BiE JHssiny
% Qlon], £ F7| B2l e 7|8k M A T2of 2t 91 9 A4 93 B0t DatabidsZ AFS IR E|Z2t0| %2 748 4O 2 OClojlLt REST A IS TEOIE S RS
Stte(of 22| &0 H2o oln|Y YROE RS KBBILIC S 4 QesLick

~ Activitios il
Model Registry
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2. Why Databricks Lakehouse 7
Ci|O|Ef AFO| 1A (Data Science)
Databricks CI|O|E{ AFO| 1A (Data Science)s= Ho|g| Afo|oiA A Z 2 FKof 22l FH0| 7Hs3in], Glo|H
© AC Ol A|ZHX £ 12 [|0|E| EFHO| 7HS8H S RlSE Al =

=

HO|E| ALO|HA 9|IE

Python, R Scala 3 SQLE &2 A2 Sl ZEE M EHﬁf
ERMSIH ZE XHY 03 ZH XFE 22 Gt

E Ao 2 Y HIO[E| AtO| A

23 18
AlztetE 220 Blo[ElS

TES AFEC HOH 0| Miet= t.':*71 LE 018 == U= ARE L= AS HRIE
2 2! 7|2 A~ 2] SOl P8 JIX| §i 2 2HES S0 455k 00| 12095k, L ESS VHRIE
HSE22 AZIE 7[RI R OFHSHH REE SRE + 'i’iﬁ'—lq ARE At 22y

SAHO| AESH AI~97F— 2

29 AC Y NZH ERE HOIE Ty

7|2 MEEl= HIOIE[E AlZ =75 AHESH H[O|E

=0
=%
£ FH|, B2t

xS =]
UEY 2, 24
TASHH FEX|A 70| = O|O|E{E Delta Lake Lif o 3201 FH2[5t1 71 2%} 510 SLESH HIOJH 2EXHE
Z}7| L2 E)0| 2F ZHHSHA HO|EE T == AL HIO|H Hehlt A[ZohS DFX|H Sofl 7| Z=2] Lf OfC|ol| ML} AA 7HSSIA 2 4= LoD T|O|E7F R JEH XS B2
HiZOAM A= IEE Hde 4= ASL T HAALS HABH CIOJE 7t 7|CiX|of Fefotn ZA4eh F=H| S DFS=X] =elgtLCt.
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HOJEf A2E2[Y (Data Streaming)

Databricks Ci|0|E{ 2E 2| (Data Streaming)2 A=2|2 GlO[E{o] 47, B2t 9! ML Al Zt2{0] H80| 7Hs3}H S2IAE 2 #|x3}
9 RIS SlE 2% £2 7|51t HiK| 2 AEZ M2 YISt S8 AP 7152 S310] HOJE| AE2|D B2|o| A|HIIE OIS 4 Y= K| YSLICE

A a S = —]
2EZ|Y Hojg =3 A He 2EZ|Y Ho[E E ALE5Ie ML, Al XY
Dela Live TablesZ AFB310] AE2|% Bl0|Ef To|2felof et o|E} 2 L ENLS AE2|% BJO|EIS AHSSIR 41 U AIR] HSHE o A TH5AZ SA| A 4 LI,
CH=3510 BO|Ef 1| L|Of2I0] TSt 2HERs Mot Ha#S 28510 QL L Python S HIZL A AE2| BloJE| Tio|Z2felo| CHRAER HTIE MAIZH OIA0|ES B8
20| 0[] 27 Y= oloje} ES Eoj K BHLICE % QUgirk

= - =I O - o = o = - -l- =
=o|2E 28 XNt 3 XpSeE 28 =2 HiX] 3 2EZ M| S flet & APIE HIS
Enhanced Autoscalinges Z4242| 1133t A2 S0 ZFE 2[AAE XHESOE SRo 2N BiX| S AEE X2|E ?leh S APIE MSSHH Spark $/=L2 == Apache Spark APIRt
SHAH &S NI 015 752 Aks HIOJH S HIAE 5L of|2| 2t2[ek 2| S2kz|= KIMICH 20|35t UITIQ! PhotonO 2 7HE3LE|H, =8 71| L E2 Xt&
AMESIH 2 288 75 A 22[5h= O ARBSt= AlZkS 20|12 HO|EoM Z7HKIE Y| 2| 10| HI8E dsHIE MSELICH

YE5t= O 43 = ASLC Retative Speedup to DB 24 by DER Version

..............

B

E . -
s s 7. -
k- A S=
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o cBR versten (TRo-DE 3 a1
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2. Why Databricks Lakehouse ?
Databricks on Microsoft Azure BIH|O|E SEHZ

Databricks on Microsoft Azure %{H|0|E| S3F2

= B Azure SO ¥ S HITEYC| CHEF HIO|H 2| FEHELT) I 7+S, X{E (Storage), &A1
(Analysis/ML)= &%+ H|O|E 22 2 (Data Modeling)Ofl Al Ci|O|E{ AlZt=2}Bl) 2 DA7HX| End-to-end HICI|O|E| E3HE (Big Data Platform) 242 X|SefL|CH

— o=

Databricks on Microsoft Azure 2]C||0|E] Z24Z(Big Data Platform)

HIG0]E| £4
(Arlysis/ M)

Glo|Eq g
(Source Data)

EES]

(ELT/EM)

Hlo[E] AlZf=}

(Live/Batch Data Visualization)
Cloud/On-Premises Streaming Ingestion v
Data Sources (Live-Streaming) /z
4 ) 4 h //
r—
~ loloi0 = Azure Data K
= 101010 o~ - (High Speed, Low Lateny, Big Data Near Real-Time Dashboards
N ;000 g Azure._'Hubs Analytics Over Tine Series And Log Data)
Lot/Streaming Data . . .
Devices S 1; 2 Machine Leaming Scoring
Streaming Data) L >\ ) llll
Azure Lot Hubs nced Analytics Power Bl
Ingest
E Raw Data % A e
8 kafka
Logs, Events L ) Azure Databricks  Azure Machine Leaming
(SNIS, CsV, Storage)
Scheduled Ingestion . . -
(Batch) Machine Leaming Models Training Bl Report On Data Models
== —
il glcﬁ - ' _ ) =
Business Apps M * ® ®
(ERP / CRM/ Apps) >
L ) Azure Data Lake Storage Azure Synapse Analytics Azure Analysis Services
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Databricks Lakehouse= A7 700071 O|Ate| 224 7|1} Fortune &
1 Q= H0|f 24, 2ot 59, A EA 22| A YIZE

> o
2I-_9_ 23

Flo AHESE

ol
=
=

2. Why Databricks Lakehous
=22 7|ge 58 22FE 22| Hole &

=

d 500CH 7| &2| 40% O[] H|o|E| AX|L{0jE L HO|H 24, ML Al

Z it

t0] 2te[ot o= S2HFE Data & Al M= SHZYLICE

c| ClojE| SSHE

DHI ~ |

< databricks

The data and Al company

Lakehouse

HOIH, 24, Al IA2ES St
SCHFE HO|H 2=

A
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Databricks Lakehouse=
agement System)

Al HE 7

2. Why Databricks Lakehouse 7
Databricks Lakehouse A|Z H& 7|2 Bt

|2t 7FEH(Gartner)2| C|O|E{H|O| A 51} 2 4HH0f| 2HEEl ZAL0| A Magic Quadrant DBMS(Database Man

£ 21 DSML(Data Science and Machine Leaming Platforms) £ 20|A 2 £2M &5 ME7(02 MY U 2542 OIF HIS

L-O C AN

Databricks Lakehouse A|&F ™

= L{Ct

< databricks

2021 Gartner Reports

Databricks named a
Leader in 2021 Gartner®
Magic Quadrant™ in both
DBMS and DSML

Proving leadership across the data and Al lifecycle

Gartner

Databricks is the only cloud-native vendor
named a Leader in both Gartner Magic
Quadrants:

¢ Cloud Database Management Systems
» Data Science and Machine Learning Platforms

Databricks is proud to announce that Gartner has named us a Leader in
both the 2021 Magic Quadrant for Cloud Database Management Systems
and the 2021 Magic Quadrant for Data Science and Machine Learning
Platforms.

2021

DBMS
REPORT

2021 Gartner® Magic Quadrant™ for Cloud
Database Management Systems

2021 Gartner® Magic Quadrant™ for Data Science
and Machine Learning Platforms
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Databricks Lakehouse 2 2 1 ZHA}

Databricks Lakehouse= six| TM7Q] K5 M= 28, 4Y st SA/AY S Zh AHe] 2oFo| M Fe/HIF U 7+S/H, SAF LIS /250
4 O =

M 25t QL= HH0|H E 0|8510] ol 24 X B 7hsth 2|23 X

o| 2g= Sot0] 7|2l 7IKIE =0|1 RUSLIEE

® —L
Databricks Lakehouse ==
Healthcare & Life Science Retil & CPG Media & Entertainment
@ (olhmon-ohmon Walmart>< (" 4 CONDE NAST Dengp XPHsec & santander
[ ]
W &b $% oldman

e Merck [I7E  AMGEN % i Gt #M COMCAST  #iics SONY Sachs

{) NOVARTIS  SANOFIJ $CVSHealth. GEICO Nationwide A

. y NBCUniversal '
REGENERON *’Biogen & Pfizer surserrY  (CO0UGly niversal  JVWTIME MNasdaq 5P Global
4 kuseR PERMANENTE,  AstraZeneca @Eisvﬁ EQUINOX m g AT&T VIACOMCEBS CREDITSUISSES Allianz @)
Public Sector Manufacturing & Logistics Energy & Utilities Digital Native

P UnTEDSTATES I@l) g‘mrg @ W

POSTAL SERVICE DAIMLER ﬁp TotalEnergies

HAW ﬁ N Robinhood # DOOR DASH
7 e ... FedEx ExconMobil {" o o S instacart @ RIVIAN
) % Schl}ﬁlgg[ '-". eni
eiigkey (D) 5 b stri
““““ e @ gg‘g‘bp 2 'equmor Schiumberger Udemy Grawo stripe
PHILLIPS
JPL AIRBUS yscenrunn HALLIBURTON ) somsara & Square
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SAP 1 Z4E 2|3} Databricks OFO|12{|0| M T2 12

=

SAP Data Migration to Databricks =2 172 2 m2||0|20On-Premise) 124 3! OIOIE, 72 59| Aaure S22 SHA0| SAP DS

flet Z2 MO =2 SAPERP HO|H B! Li-2[F &7 H|O|E ST 22| A 245 flet B HOlH S3iFuar eixet of2lel 24 &S MESTLICt

ﬂJIt

SAP 11745 2|t Databricks 00| 12{|0|M == 74

Scenario 1 Scenario 2
SAP4 Yy aws &

Customer with SAP Customer with SAP

on Compete Cloud

on Azure

A Customer with SAP infra
already on Azure

A customer with SAP Infra
on compete cloud like AWS/GCP

SAP Extend and Innovate Scenarios

_ * Initiate Azure Cloud Presence -

* Innovation beyond Infra *  BoostAzure Consumption with of Azure se
Engage with Microsoft ecosystem . _ .

rvices with Extend and Innovate solution an

+ Complete Digital Transformation
*  Gives the customer a Multi-Cloud setup

 Drive Customer Stickiness on Azure d solution accelerators
*  Driving an eventual Migrationto Azure Infra
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O|O|E| Z21& Databricks OF7| &l X (Architecture)

SAP Data Migration to Databricks = 2 1 TH-2 7§t (Open)at E&H(Unify) & 298+ Databricks LakehouseZ 78O 2, SAPERP & &
Moz 7|0 HEtEl 7Y RE FEE HiX| £ AA[ZIO2 010|T2{|0|M stof S8t 22| 22 H|o|H 24@) X A/MLAE-ES Z[CHat A|ZL|CE

|0

S¢ H|0|E] E3HE Databricks OF | Bl K| (Architecture)

SAPASSNSAP 4
EYS/4 HANA ng

@ T

T & o
NETSUITE = App Service / AKS Key Vault Control Tower
~ Microsoft Dynamics 365 t _______________________
V Finance & Operations . {‘1‘} ‘ 1 1
Integration Azure Logic Apps e | F(‘ ‘ :
ORACI_E Runtime databricks ! J !
1 : |
| Azure Synapse databricks 1
. : Analytics ;
S Azure Data Factory Azure Data Lake S !
E Maritime Data
. | Azure ML
-
—] N, "%
— 2 L
RDBM

S Dynamics CRM loT Hub Security/Governance <> 0 <‘"> @ U

Azure Active DISCION (L3 i Network @ Network Security (8] Resource

— Authentication and Group Group
e ) ‘a) Access
= RFID

Azure .
Scada @ Azure Key Vault Dq DevOps Azure Monitor

Analytics
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SAP Data Migration to Databricks Z21TH2 3=

Migration)= =X 2 2 TIlSHY, 0=

Why Databricks Lakehouse on Azure

0jo|124|o|

Mo THAI'E

0}0| 2124|0]44(Code Migration)
7| ol AAH SHA0| 2 2 A|ARS Sof 0p0| 12{|0fMd 1}

A 242

3. SAP Data Migration to Databricks
Oro| 18O Mo THAE &M &IF T

2 Alxte

- =

© 2 g7 3 H|0|E{0}0] 1.2{[0] 8 (Data

2AH4(Manual) OFO| 12{|0| M0 ZIgH ElL|C}

|SH
o

Migrate all logics, functions, Stored Procedures as follows :

 Extract Teradata scripts as .sql files

+ Assess using BladeBridge Analyzer

+ Categorize Jobs as per complexity

+ Pilot Migration to Databricks PySpark using
BladeBridge Converter

+ Documentation

Deliverables

« Teradata script Analysis report

+ Bill of Materials for Databricks

Options Available

a) Option 1: Manual Migration

b) Option 2: Migration using
BladeBridge (Recommended)

Manual Migration BladeBridge Migration

+ Hard to analyse * Automate code
pattern conversion.

» Understand Use-cases « Easier Analysis
and data models * Reader file available
from scratch «  Writer file available

Migrate all ETL/ETL jobs as follows :

+ Scope ETL jobs

« Functional and Technical Assessment(Manual)
— ETL Jobs

+ Categorize Jobs as per complexity

+ Pilot Migration to Azure Data Factory
Jobs(Manual)

«  Documentation

Options Available

Manual Migration (Recommended)

a) Option 1: Migration to PySpark Jobs on
Databricks

b) Option 2: Migration to Azure Data Factory

PySpalkJobs on Databricks  Using Azure Data Factory

Code based approach GUI Based approach
Install drivers to use Native connectors to
spark connectors
Bit complex to leverage -
other Azure tools

Easy to integrate with
other Azure Tools

Track 2 : ETL Track 3 : Data Migration

multiple source systems

Migrate data to Azure :

» Sources: Data sources plugged in Teradata

¢ Migrating subset of data from source systems to Azure

+ Create copy pipelines for data migration in Azure Data
Factory

*  Execute data transfer

+  Testing and Validation

*  Document

Options Available

Option 1: Connect all required source systems to Azure
using ADF and ingest data
b) Option 2: Migration a subset of all required table data

a)

from above sources
Direct connection Migrate subset of source
using ADF Data to Azure
For pilot, Feasible approach for pilot.
approvals Cons : Initial connectivity in
might delay the converted jobs must be
connectivity changed again
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51Xl (Realtime)2t O|2ff 249 (Predictive)S {3t tHY ZEE

SAP Data Migration to Databricks =21 T2 =2|=l 17 4jo|5 24 S Business Analysis) 7| & & 8 3142 o] Hof, 8%

HE2 = YT Of|=(Predictive Analytic) 2 A7 22! &2 (Real Time Alert) S2| XL D[2{2| 0 =0] 7hs0t ¢t S SHES =S XL

Current Landscape Intelligent Enterprise Benefits

(IY.Y, teradata cloudera

M S B ©
|
|
|
|

i
|
|
|
P | Unified Separate Reduce Pay
EDW and ' @ netezza  [FTUHANA u@rﬁwﬁo&s DELTA LAKE Analytics  Compute &  cost of as you
Big Data : i Platform Storage Ownership go
| ———
L | | | Hospit. mary ) | I
| m i = P i | = |
| = | z
| <4 B T i O BB S
| —— | : © | : Caas e = Power Bl I | {} :
= ' 2= D) | : i | Interactive  Lowcost  Real Time Live
: Business | : BusinessObjectss  BW |BEX QUERY | : e iai - { | Visuals Alerts Streaming |
| Intelligence | il B——t—v—w——a— | Dashboards
| N, | o s e e s s s i s e e e e -
e - = T |
| | | | |
| | | >
- =l ! ! id | ! | ! it & |
| Business | | l m.na.,l,m | | | | \
| Analytics ' : | | Supply Chain Demand | | Pay as you go Scale on Demand ‘
| : I I -lL Control Tower Forecasting I | ;
e T e 4 e I G .
| |
< N &s | OB D &
| | 3 | I I I
| t v
| ﬁ' | ' SAP Leonardo ur | | m | L pedcve  Proces |
: Al/ML & loT I I | I { | Algorithms Analytics Automation
[ I [ | |
b 0 I I i . ] b -
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Why Databricks Lakehouse on Azure 3. SAP Data Migration to Databricks
M SAP @7 22 HO[H REu EM XS

SAP Data Migration to Databricks L2 %2 =6l 2 Databricks Lakehouse= XS 22| (Finance & Controlling), X1 22| (nventory

Management), @2 S =5 (Sakes & Distribution) 3 444 |2l (Production Planning) 2| ™ 212 £&9| SAP 7|2t PEZ KPI H|O|EH/E DA E K|SEtL|C

M SAP g5 2= h|o|E 2Ent H 1AM H|S

Base Tablesin SAP ERP Data Foundation Layer Business KPIS
xS 2| XY 22| X5 22
<« NN Qe
ACDOCA, BKPS, BSET, BSIK BSIS, ~ O, g% O ¥ @ ul
BSID, BSAD, BSAS, BSAD RAoogunt Account Transadh ExpenseHeadBudget Aourt Payable  AountRecsier NetGrossMagn - Revereard
eoeivable Payable veAdLH Tumover Tunover CostAnelysis
N I P Ik 2 L
EBAN, EKKO, EKPO, RBKP, MATDOG, MKPF, % Vendor 3 vendor g Puchese
MARA, MAKT, LFT @, Mateiedl — B90) peforrance =] Oer
Price Variance —  Cydeime
Y A =/ el Y A =/ el

ﬂ] 03 l" 360°

: 4
Sales Biling Defvery SkxGo  BRglrts  emeRens  SkTaE o

Oveview  Oveview  Detais pres pretvs Fatnt sAdesAraes

M7z M7z A7)

[aard
AFKO, AFPO, PLKO, PLPO, AUFK, JEST o i
HR-1-1-1-]

VBAK, VBAP, VBRK, VBRP, LIKP, LIPS, KNA

,,,,,,

Production

Overview Analysis
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SAP Data Migration to Databricks =1
Insurance) &2 Zt AT A4 Bl & 0| Z (Prediction)=

. SAP Data Migration to Databricks

3
MY E 24/05S /et #F HIOIH 221 20N M&

(=]
S

Sf &&=l Databricks Lakehouse= M| Z&(Manufacturing), =& ([Banking) 3 2.2 (Life

E3
Qlst BZF 0|0|E 2 (Standard Data Model)t EZF H 11 A{(Analysis ReportyS M-S &HL|CH

Report — Manufacturing
anaah u!m. uike
i =-_
l.. I

Report - Banklng
*. f | f r .'

40 6 O eo
-l.u (e “J\,/\‘«\fﬂ.’ ada, \J\“JM//}“ .-"ul.‘
I||I|I|||| 'i o | = '.; ' ]
it o@® |7ro
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SAP Data Migration to Databricks Z21 S 2[5t POC

Al H=o

SAP Data Migration to Databricks =2 172 28t poc =212 Databricks LakehouseZ 7| 10| K880 2 00| AlX| HESS K|
St ZE2OMO 2 TH| 530 AKX, 7-87H2| OFAH HO|Z 1t 1742| EZHAM H|O|=2| OHO|12{|0| Mt 1-2702| KPIE M E 7H'E ZIMSHA & LT

SAP Data Migration to Databricks Z217Z 2|t POC

Week 1 Week 4 Week 5
Establishing connectivity between Developing ETL pipeline within Azure Data Power BI reports on top of the data
SAP ECC or S/4HANA by setting up I':) aac(:;:ry ierlesi msieiee] A0 ereEm L model developed within Lakehouse
the environment. Migrating the logic from SAP BW/HANA to corr and the delta engine
esponding logic within Lakehouse on Azure Da
tabricks.

Develop an abstracted data model consisting o
f Fact and Dimension Views within Lakehouse

amm @ i
o' EEm

L — ] . .
Transformation logic would

Manual Migration 1 reporting-tab within 1 - 2 KPIs will be consist of basic transformations
1 Transactional Table (Header and Item) Povyer BI .W'" be developed developed . L such as lookups, basic conditional
7 - 8 Master Tables during this effort As part of this effort within derivations and aggregations

the data model layer
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